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Abstract No-reference video quality assessment ( NR-VQA ) measures distorted videos
quantitatively without the reference of original distorted-less videos. Most conventional NR-VQA
methods are based on statistical analysis, and the majority of them are generally designed for specific
types of distortions or consider less about the temporal information, which limits their application
scenarios as well as their speeds. In this paper, we propose a spatio-temporal no-reference video

quality assessment method based on convolutional neural network, which is not designed for specific
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types of distortions. We divide the method into spatial and temporal processes. We redesign a

convolutional neural network in spatiality to learn the distortion features in frames. A group of SSIM-

like features are exploited in temporality. Finally, we train a linear regression model using the

spatio-temporal features to predict the video quality. Experiments demonstrate that the proposed

method is similar to other state-of-the-art no-reference VQA methods in performance. Fourthermore ,

the proposed method runs much faster than other VQA methods, which makes the proposed method

have better application prospects.
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