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Abstract A sparse imaging algorithm of ISAR based on generalized minimax concave (GMC) penalty
is deseribed in this paper. The penalty of the algorithm is different from that of the L, norm regularization.
The penalty function not only maintains the convexity of the least squares cost function to be minimized
but also avoids the systematic underestimation characteristic of the L, norm regularization. This work
illustrates the amplitude preservation characteristics of GMC algorithm in ISAR imaging by simulation
experiments and imaging results of real data of Yak-42 aircraft. The results show that GMC algorithm has
obvious advantages in imaging accuracy and has better imaging effect.
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Fig.3 Imaging results using different algorithms
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Fig.5 Imaging results of real data using the two different algorithms
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