5539 B 1 PEMEFERXFEZER Vol. 39 No. 1
2022 4F 1 A Journal of University of Chinese Academy of Sciences January 2022

XEH S :2095-6134(2022)01-0127-07

T BREEEDKE"

i 5 I £

( IR KA R BR S SHR B, LW 201210; wEBLFERE MRS S5 E B ARV, LI 2000505
P ERHEBER A, dEaT 100049)
(2020 4F 1 H 6 Hilthi; 2020 4F 2 A 26 HiEoH)

Qu Z H, Lu J. Distributed finite-time-consensus-based heavy-ball algorithm [ J]. Journal of University of Chinese
Academy of Sciences,2022,39(1) :127-133. DOI.10. 7523/j. ucas. 2020. 0009.

W E SHAREEAEREEIR -—MmEREEZERERN QA XNA R B ERRE, KEZE
B OB A T AMRIEFT A 1 EE AN AR AL R R R ek B 5 & X EREAE BBk
xR, BABEGTEARZEEEH AR R UK ELA TIEFIEA L, EAT ZHE
ER R

KR A A B A A R A Rk F ok

FESEE TN  XEARER:A  DOI:10. 7523/]. ucas. 2020. 0009

Distributed finite-time-consensus-based heavy-ball algorithm

QU Zhihai, LU Jie
(School of Information Science and Technology, ShanghaiTech University ,Shanghat 201210, China;
Shanghai Institute of Microsystem and Information Technology, Chinese Academy of Sciences,Shanghai 200050, China;
University of Chinese Academy of Sciences, Beijing 100049, China)

Abstract Based on the finite-time-consensus algorithm and the heavy-ball algorithm which is a first
order accelerate algorithm, a distributed optimization algorithm is proposed. The algorithm can
achieve consensus after every periodic updates. The non-ergodic convergence rate is at the same
order of the centralized heavy-ball algorithm. In addition, the numerical examples compare our
algorithm with other state-of-art distributed optimization algorithms on machine learning problems and
show the competitive performance.
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