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Abstract Fog computing is a promising solution to enable computation-intensive and latency-
critical applications in Internet of Things (IoT). Considering that the placement of computing nodes
(CNs) directly affect the task offloading performance, this paper addresses the optimal CN
placement problem in a fog-enabled network. By jointly considering the communication and
computing abilities of CNs, the problem is formulated as a p-center problem, which is NP-hard. To
solve such a problem, we first give a lower bound on the number of required CNs and then propose
two efficient heuristic algorithms to place the CNs with low complexity. Numerical results verify the
advantages of the proposed algorithms.
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hull
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Fig. 1 A fog-enabled network with multiple TNs
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