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Abstract Radar signal deinterleaving process is a method of classifying intensive pulse streams.
The performance of signal classifiers requires to be improved when being confronted with the large
amount of data and mode-switch emitters. Recurrent neural network is appropriate as a classifier for
pulse streams. However it is weak of long-term dependencies. The forget gate which is a custom
function in JANET overcomes the problem. In this paper, JANET is introduced as a classifier for
mining the long-term temporal patterns, and the result proves the breathtaking performance of the
proposed method.
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Fig.1 Pulse stream with jitters
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Table 1 Attributes of pulse streams

I pw pri

* St i/ o S Wi,
s s s
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Intel (R) Core (TM)i5-8300 H CPU@ 2. 30 GHz, )
16 GB, & K& 6 GB fJ NVIDIA GeForce
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55 TH prispw BH NS 2 +5 28 HEAX Y
T 4 ZREAAR ], HCH 0 e v 3 32 s Jok i 36
AISENA ,— B 100% , JCHAEAS 7 20, kop
WS 4 5 K55 T LA E 24, PRI Fil/
5 PW BA 22220 TAER (B AT JANET %
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Table 2 Confusion matrix
1 1. 000 0 0 0 0
2 0 1. 000 0 0 0
0 3 0 0 1. 000 0 0
4 0 0 0 1. 000 0
5 0 0 0 0 1. 000
1 0. 992 0 0 0. 008 0
2 0 0. 998 0 0. 002 0
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1.0004—= 1.0004—==—
0.995 0.995
% 0.990 3¢ 0-990
@ =l
2 0.985 RT 0.985
&
0.980 0.980
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Fig.3 Performance of different networks at different miss ratios
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